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Business users have many data questions… 

“Is any of my customer having 
more “Active Users” than usual?

“What’s the last time this customer 
paid an invoice?”

“Is my metric really going up?”



But… rather than getting them answered.. They get “triaged”



And, data teams hate answering these one-off questions.. 
Which means that these queries get unanswered.. 

Hey, can you tell me the number of 
opportunities broken down by city?



82%
Data Projects Fail 

(Gartner, 2019, 2020, 2021)



Hence, we created “DashQueries”
A SlackBot that helps answer business questions in seconds, rather than days. 



And, we used “Praxis” method to understand… 

1. Will business users’ actually trust a 
natural language query based system 
to make decisions? 

2. What are the querying / exploration 
/scalability limitations of such a tool?

● 300+ queries ran. 
● 15 user tests in two phases.
● 40+ informal demos in conferences, etc. 



Live Demo



How DashQueries work

Just ask.

What is the 
number of 
opportunities by 
city?

1. Interpret the 
Query & convert it
Into a prompt

         
2. Convert to     
SQL

3. Run SQL on       
relevant dataset

           4. Send results    
                to Slack 

    Get an answer.

Here is the 
number of 
opportunity by 
city



Phase 1
Get the bot out of door 



Created a simple LLM pipeline



A working slackbot with basic UX 
● Tested with 5 users
● And, internal testing ~100 questions

Questions asked: 

● Can you actually tell me the number of opportunities that have sales velocity 
more than 70 and client revenue more than 1M?

● Tell me how many opportunities were won in Delhi that had an opportunity size 
of more than 60K

● Why are deals won in Delhi more than Mumbai?
● Where are the largest opportunity sizes
● How many clients have done repeated sales with



What did we learn? 



This was us…



What did we learn? 
Trust Increased With Usage

● First impressions were key to building trust
● Data users were more skeptical than non-technical users
● “I like that it shows me the SQL code so that I can run it myself to check it”

Users Want a Feedback Loop

● Some responses were not optimal/what the user was looking for and the user would 
have to rephrase their question for a better response.

● Users wanted a way to tell us whether the response was satisfactory or not.



Phase 2
Get the bot out of door 



Made our bot more robust 



Improvements
1. UX Improvements

a. Number and frequency of slack messages bot sent
b. Feedback loop (Looks Good, Wrong Data, Wrong 

Query)
c. Chart response
d. Length of the results table

2. Result Quality improvements
a. Categorical parsing
b. Recognition of previous vs. current query
c. Error fixes



A responsive bot that handles data
● Tested with 10 users
● And, internal testing ~100 questions

Questions asked: 

● Please give me a line graph of the client revenue sizing compared to the 
client employee sizing

● What are my biggest revenue streams?
● Tell me about year to year growth of opportunities?
● How much business was done last year in all cities?
● In which technology do we have the highest potential for revenue increase



What did we learn? 
Query Analysis

● Specific queries yielded better results
● Most errors were wrong variable 

selection
● Performed well for complex queries
● Slow response time, but faster than 

asking a person



Learning & Conclusion

Diverse User 
Personas



Learning & Conclusion

Building 
Trust



Learning & Conclusion

Capabilities 
of LLM



Future Work

Interactive 
Feedback



Future Work

Semantic 
Context



Future Work

Extension to BI, 
Productivity Tools 

(Zoom, Meet, 
Email)



Questions?


